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* Training and testing on 1M
T Tt sample.

 Applying on the 89 M
T-generic signal and one
stream of MC.

« Estimated the Nsig and Nyg.

Approach 1

BDT response
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Approach 1

+ Training and testing on 1M Ponzi FOM
T- Tt sample. | Cut efficiencies and optimal cut value |
Signal efficiency @ | Signalpurity
Background efficiency | ?g%“oado"gf;g}'?{gi‘z’j’v%*;“’ 107
» Applying on the 89 M = - : =0
T generic signal and one § 1 = e — %07
stream of MC. 3 - ’<’ ~\‘*’\ """" T = 0.06
g 08 > S -
£ - \ —0.05
- S S R _--———""\ \ -
« Estimated the Nsig and Nyy. £ 06 \ “70.04
04 - N —;o.os
- \ \\f‘\ —{0.02
. 0.2 For-1976-signal-and 1200 background -
BDT Optlmal cut  events thelmaxirr um{S!1000000}/?3.12+\f§} is \ \., A —0.01
L o.ino when cutting at 0.12 ]
BDT >0 s 04 0.2 0 0.2 0.4 06

Cut value applied on BDT output

Significance



Approach 1

« Training and testing on 1M BDT score
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Approach 1

Background calculation
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Approach 2
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Approach 2

* Training and testing on BDT response

8.9M 1- generic sample

TMVA overtraining check for classifier: BDT
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Approach 2

« Training and testing on Ponzi EOM
8.9M 1- generic sample

Cut efficiencies and optimal cut value
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« Training and testing on
8.9M 1- generic sample

* Applying on the 4.4 M

T-generic signal

and

three stream of MC.

* Estimated the Ny and

Nbg.
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Approach 2
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Background calculation
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ROC

Approach 1 Approach 2
Background rejection versus Signal efficiency TMVA TMVA
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Approach 1

Cut efficiencies and optimal cut value \
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Approach 2

Cut efficiencies and optimal cut value
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Optimal-cut 5S/(sqrt(5+B))
-8.2191 35.811
-0.6852 35.5719
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Approach 1
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Fisher: ( 1976,
MLP ( 1976,
Approach 2
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Fisher: ( 3594,
MLP: ( 3594,
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©.1525



Ponzi FOM
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